;Qué es un Large Language Model (LLM)?
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Model Size in Tokens
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;Qué es un Large Language Model (LLM)?
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Como aprenden

Pre entrenamiento en corpus masivos
Ajustes posteriores para cumplir con instrucciones

Alineacion con preferencias humanas (RLHF)



Parametros practicos
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/ero-shot - Few shot

Zero-shot prompting

What does “LLM” stand for?

“LLM” stands for Large Language Model. These
are types of artificial intelligence models
designed to understand, generate and work
with human language on a large scale.

Few-shot prompting

COW - MOOo

cat - meow

dog - woof
duck -




RAG: Retrieval-Augmented Generation
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Prompt Engineering

Prompt Engineering Techniques
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Metrics

LLM Evalution Metrics

Cross Entropy Loss
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Efficiency Metrics
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